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Reinforcment-learning Design of Intelligent Controller for Nonholonomic Vehicle

University of Tsukuba

Seiji Yasunobu, Yaya Suryana and Noriaki Suetake

Abstract: In this paper, the profit sharing plan (PSP) is used to learn a knowlege of strategy target for achieving final target
of nonholonomic vehicle moved in narrow parking area. The simulation result showed the effectiveness of the proposed method
in generating control knowledge that could be time consuming and difficult to acquire by heuristic method.
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Fig.1 Kinematics constraint in nonholonomic vehicle
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Tablel Characteristic of the vehicle

wheelbase 2.6m
distance between
axis and bumper 0.4m
width 1.7m
smallest radius 6m
0.4m/s (foward)
velocity 0.0m/s (stop)
—0.4m/s (backward)
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Fig.8 The dimension of parking lot
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